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Further Directions

• Foot traffic data is expensive, hard to get, and not
available for many months after it is recorded

• Because COVID-19 caused state/nationwide lockdowns
and people’s lives were altered, the restaurant industry
was and still is greatly affected. Foot traffic in restaurants
has changed, but could other factors could have
predicted this?

• The seafood industry had suffered greatly from COVID-
19. There is not as much funding, seafood is perishable,
somewhat seasonal in some places, and import/exports
were affected from COIVD-19

Introduction Methods 

Results

1) Find covariates that are easily accessible that  could 
potentially predict foot traffic for all seafood restaurants 
in the United States

2) Create an optimal model to predict foot traffic using 
different methods in R

3) Test this model on future foot traffic data once it 
becomes available and make improvements if needed

Objectives 

• We fit different types of generalized linear models in R Studio
and compared them by mean squared error and Akaike
information criterion (AIC)

• Split the data up into test and training sets

• Test the model on current foot traffic data and see if 
the MSE is similar

• Investigate other covariates that could be useful in 
predicting seafood restaurant foot traffic in the 
United States

• Google trend hits is most strongly correlated to foot traffic
• The model that had the lowest mean squared error was a simple

generalized linear model with no interactions. Covariates were
selected using backward selection using AIC

• The variables in the selected model: Google trend hits,
unemployment rate, and covid cases

Model Type Mean Square Error 
(MSE)

Hits as the only covariate 8.910448e-17

Best GLM chosen by AIC 
(Hits, Unemployment 

Rate, and Covid Cases)
9.187979e-17

Ridge Regression 1.157191e-16

Best GLM chosen by AIC 
using the previous 

week’s Hits (Previous 
Hits, Unemployment 
Rate, and Lockdown)

1107.19

Best GLM using 
interaction terms 1.429578e-16


